Weekly Report

23rd QOct. - 5th) Nov. 2017
Done:
1. Finished the revision of patent.
2. Went on collecting relevant papers.
Some notes on categorization:
The user: expert in which field, the expertise
The goal is analysis diagnosis; or predictive proactive
Post-disaster analysis; real-time, near real-time
Data source: How many sources of data;
If vis paper, How the data are presented in vis?
If VIS paper, what vis techniques?
VIS only data, algorithm results
Visual Analytics
Other than wildfire papers, some relevant topics includes: hazard management (including
different kinds of hazard, earthquake is also a hot topic); proactive policing

3. Wrote four long reports of 5 51 BAHIC 4

To Do:

1. Discuss with another guy who may be responsible for the uncertainty part of emergency data

2. Finish the categorization of relevant papers, in a decent report or ppt slides. Till now, most
highly-relevant VIS papers collected are written by Ebert or Ross. But I have an impression
on some relevant papers in SciVis (since simulation is widely used in predicting hazards), and

I need to figure out this.

Paper reading:
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ASCAEH A human sensor network I5AT) 22 H T AR 1 20 My, A2 55 1) e B 52 kb i
B B, AFRAH R AR | — 3 — LSt pr DA M I RS, XA RSt
Al AR FRATTEETE JS T related work 24 K2 I — 840 I 2%

Information Processing in Sensor Networks (IPSN) 2012 On truth discovery in social sensing %3
R RO, FEAR R )T AR AR, [—REN, LEARA T B B AN R S A AR
i, HRRA R or HHA BN NSRS A SISO, X — M oo
BT, 7EXT BE IR ] SEPEBEA prior knowledge, KRN A FIXTAN[E] 551 correctness t3E A H1E
BUR, PPALSCPRIX L SRS L. R EM B, B B B AT BT e — E AL,
Eet wildfire 2 K s VEA, HLANASIE ZE ARG LA Ch 1 R T I R B 25 )

AR XEREREBRIIWETEN, FIECHEE - ERALRKEEFNNTTH
KARBELZIMERUFRENIETE.

X TR\ LIEF\LH IR [IESH\RBEANARELFAEE—EMES S
L,

PR B THAN L AT A T \WRL B H B —HHIETN N L EFTEEEM.

A AL NBEEELLBUREL..

TR
REA DDL Milestone
ER B 5T NEAZ I A e R B 2 ol N7everd RENIV e
LA gl
D3 > LA AESE AS.AP BRI EAH AR KT —

ANHORE BB T A T A A2
RILT — 45 EERANIRE
KR, RS2 HEXNH

i




